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A prototype of the generic crop simulation model SALUS e i i b e PSR
(Schulthess and Ritchie, 1997; Ritchie, 2000) was adapted so
that it could be forced with remotely sensed information to
predict com (Zea mays L.) yield. Remotely sensed data were Fig. 2. Co:::arllsonlo‘)::ld maps derived from a yield monitor and with a forced crop simulation model. The corn field is located in the Geneseo, IL region
collected with a RESOURCE21 airborne multispectral system and its size Is a.
in 1997 and 1998. The forced crop simulation was calibrated . .
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Grand Island, NE (1998) and from seven farm fields from Holdrege Genesea i The fields in this study were planted with a wide range of
different locations in Nebraska (1998). In addition, yield data YO0 —— Yield Monitor hybrids, including Bt- and high oil corn. In the Geneseo region,
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parameter that can be derived from remotely sensed data. tz,"w of yield maps derived with this methodology is that they can be
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kg/ha. The forced crop simulation model predicted the yield ou g
over the entire range of data (Fig. 1). On average, it under- 100
predicted measured yield by 6.7%. This was due to an under-
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Prediction of within field variability:

The simplest method to assess the spatial accuracy of the Fig. 1. Ci of and average yield of 22 corn Fig. 3. Frequency distribution of observed (yield monitor data) and
predicted yield is to visually compare the yield maps (Fig. 2). fields in 1998. (Observed yield data were not known at time of predicted yield data for a corn field in the Geneseo, IL region
The forced crop simulation accurately predicted the areas with prediction). (1998)
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high and low yield, respectively.

Another method is to compare the frequency distributions of
observed and predicted yield (Fig. 3). This method suggested
that the model tended to over-predict the frequency of cells
with a yield in the range between 3000 and 7000 kg/ha.
However, it closely followed the frequency of cells with a yield
above 7000 kg/ha.
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